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All SLU Business Majors, 1982-85
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All SLU Arts and Science Majors, 1982-85
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Another population of great importance in any retention effort are
those undecided about majors. According to the Tinto model, being
uncommitted to a specific major or career may put students at risk.
Many institutions find that these undecided students are indeed
extremely likely to drop out. The TRAILS data (Table 3.4) suggest that
the STP combination was overrepresented as “Undecided” compared
to the undergraduate population at large.

Type and Faculty Profiles

Student populations are not the only type profiles worth ascertaining
in efforts to map out the type characteristics of an academic environ-
ment. Understanding the predominant characteristics of the faculty is
equally important. Table 3.5 illustrates type distributions for one
department faculty at Saint Louis University. Though the number of
faculty is small, some patterns are important to note. The ratios reflect
the difference between the faculty and the student percentage distribu-
tion in this specific department. Such information is useful in efforts
to explore student-faculty interaction and the quality of the educa-
tional experience both in and out of the classroom. For example, the
fact that the faculty were predominantly Judging types and the
students majoring in that department were predominantly Extraverted
Perceiving types may suggest a lot about the challenges and frustra-
tions experienced by both students and faculty in that department.

Using the MBTI with Other Enrollment Data Sources

Type distributions are not the only means of describing student groups
in such a way as to aid the retention effort. The TRAILS project (or any
such institutional database of student type scores) can be effectively
related to other institutional data sources so as to provide added
insight about the student population. For example, many institutions
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Ratios of Undecided Students

Compared with All Undergraduates
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Faculty in Department X, 1985
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participate in the Cooperative Institutional Research Project (CIRP),
the national freshman survey conducted by Alexander Astin at UCLA
and cosponsored by the American Council on Education. This
national survey provides a rich and useful profile of entering freshmen
and allows educators to monitor changes in students over time and to
compare their freshmen with students entering comparable
institutions nationwide. For some institutions, the CIRP is the only
concerted and comprehensive effort to ascertain a profile of the
student population.

When TRAILS data were used to investigate relationships between
type and student responses on the CIRP, clear patterns were apparent.
For example, on one portion of the CIRP survey, students indicate the
importance of certain factors as reasons for going to college. The
TRAILS project found that some factors were significantly more
important to some types of students than to others. Such patterns are
important since the Tinto retention model suggests that these initial
objectives, commitments, and intentions of students matriculating at
an institution are important factors in understanding attrition. By
merging type data with other institutional information such as the
CIRP, one can embellish an institution’s understanding of the
freshman population, and thereby glean important insights related to
the retention model.

Type and Academic Aptitude

While it is important to recognize that type distributions provide
useful information for the retention model, it is equally important to
investigate the degree to which type is related to traditional measures
of student academic preparedness, as measured through college
entrance exams. This is important for retention purposes for two
reasons:
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1. Entrance exams are often determining factors in students’ sense
of competence, and thereby may influence the degree of
commitment they have to an institution and to an educational
objective. The literature is replete with insights about the power
of expectations and the so-called self-fulfilling prophecy;
ACT/SAT measures, when used as indicators of the likelihood
of students performing successfully, are powerful sources of
expectations.

2. Entrance exams are often used to place students in special
academic programs. High scorers are referred to honors
programs; low scorers are often conditionally admitted through
special “academic support” offices. As such, these scores
determine a whole range of academic and social experiences
students have upon matriculating at an institution.

It is generally acknowledged that there is some relationship
between type preferences and performance on standardized aptitude
measures. The argument is often made that Sensing intelligence cannot
be measured by paper-and-pencil instruments, and that Sensing
students (especially Extraverted Sensors) are at a disadvantage on any
timed examination that focuses on the ability to quickly manipulate
symbols, see patterns and relationships between words and concepts,
and so on. The TRAILS data clearly supported these patterns; on both
the ACT and the SAT, the IN types scored the highest, followed by
the EN, IS, and ES types (see Table 3.6). These differences are both
statistically and practically significant and such patterns have been

remarkably consistent across several institutions.

Correlations Using Continuous Scores

The TRAILS data included strength of preference scores in addition to
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One-Way Analysis of Variance of Aptitude Score
(SAT) by Learning Style

N Mean SAT SD Scheffe Post Hoc Comparisons
IN EN IS ES
IN 148 1110 184.7 IN
' EN 312 1052 177.1 EN *
( 1S 188 1008 224.1 IS * *
ES 250 932 196.1 ES uf ¥
} TOTAL 989 1019 203.6

, F (3,984) = 30.5 Note: *denotes p < .05

p<.00!

Table 3.6

Myers-Briggs Type Indicator and Academic Aptitude

(ACT and SAT) Results of a Stepwise Multiple Regression

| Variable Greek beta R? F
Sensing-Intuition .30 .08 22.96%*
Extraversion~Introversion .10 .09 2.86
Thinking—Feeling - .06 .09 95
Judgment—Perception .02 .09 .07

L Note: **denotes p < .05

Table 3.7
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the simple four-letter type scores of individuals. This allows the proper
investigation of the linear relationship between variables, to see, for
example, if the strength of preference for intuition is related to
ACT/SAT performance. Such an approach may provide more insight
regarding the relationship between these variables than if one simply
compared the ACT/SAT scores of all Intuitive types with all Sensing
types. Table 3.7 illustrates these relationships.

The first step was to convert each preference score to a continuous
score, with 100 being the midpoint on the scale. An extreme Sensing
preference then has a score around 59 while an extreme Intuition
preference would score around 139. Therefore, the Sensing—Intuition
dimension has a single score that reflects both the strength and the
direction of the preference. The researcher, using a multiple regression
approach, can then answer the question: Is it true that the stronger the
preference for Intuition, the higher the ACT/SAT score? What about
preferences for Extraversion vs. Introversion? Preferences for
Thinking—Feeling or Judging—Perceiving? The results of such a
regression are shown in Table 3.7. In other words, the table shows the
degree of the relationship between each MBTI scale and the entrance
exam performance (which in this case is the ACT composite score and
the SAT combined score) when all MBTI scales are considered
simultaneously in the regression equation.

The Sensing-Intuition scale has the strongest relationship with
ACT/SAT test performance and the analysis suggests that the stronger
the preference for Intuition, the higher the ACT/SAT score. The
preferences for the Extraversion—Introversion, Thinking—Feeling, and
Judging—Perceiving dimensions are not related to test scores to a
statistically significant degree.

Implications

These findings are important in the overall attempt to make sense of
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retention and to use the MBTT instrument in retention efforts. First, it
seems that the Intuition preference may be advantaged in traditional
measures of academic preparedness; students with this preference may
therefore be less likely to be found in “remedial” or “‘special support”
programs prescribed for students with low ACT/SAT scores. Table 3.8
shows the type distribution for one such program. The ratios show
that ES learners are more than 1.5 times more likely to be found in this
group than one would expect from the overall type distribution of the
student body.

Given that certain types of learners tend to score lower on
ACT/SAT tests than other learners, the trend of declining entrance
scores faced by some institutions takes on new meaning. Available data
suggest that an ever-increasing number of Sensing students are
entering American colleges and universities and that, contrary to
ten or twenty years prior, the majority of college students today
have a Sensing preference (Myers, 1980; Davis and Schroeder, 1980).
Academic programs that have witnessed a decline in ACT/SAT scores
might benefit from investigating shifts in the prevailing learning style
of their students via the MBTI instrument.

Finally, knowing this relationship between type preferences and
academic preparedness and aptitude (as measured by standardized
tests) enables us to make better sense of the academic performance of
certain types of students in certain curricular areas. As will be shown
in the following section, there is evidence that Sensing learners may be
the most successful students in certain academic pursuits, in spite of a
poor performance on the ACT or SAT. Using such entrance exams to
screen students for admission may be a disservice to some students
and also perhaps to the vitality and success of specific academic
programs. In a broader perspective, the trend in public policy to
monitor the quality of undergraduate programs through comprehen-
sive assessment of student learning outcomes tends to focus on the use
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Selection of Students in “High Risk Program”
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of standardized assessment measures. Data on the relationship of type
to test performance have implications for such policies at both the
state and federal levels.

The ultimate utility of these data at any one institution may be
their potential for getting the attention of faculty and academic
administrators. Because entrance exam scores are accepted at many
institutions as important indices of quality, any information that can
be directly related to these scores and that may help explain shifting
patterns in such scores is likely to at least get the attention of key
campus personnel. This information thereby becomes a valuable polit-
ical resource for mobilizing campus retention efforts. Research on the
relationship of type data to aptitude test scores may be an effective
entree to the campus decision-making structure and in turn may be an
effective means of improving the quality of the learning environment
for students, and hence improve retention.

Type and Academic Achievement

Academic achievement has a prominent role in any investigation of
retention patterns. At many institutions, the inability of students to
perform academically is the single most important factor contributing
to attrition. In the Tinto model, academic performance is one measure
of academic integration and is an important consideration as students
reassess their commitments both to the institution and to their
educational objectives. It is necessary to investigate the relationship of
type to academic achievement in order to fully integrate the MBTI
with the retention model.

One of the more popular institutional efforts to improve retention
is the creation of support programs to assist students having academic
difficulty. Such programs often intend to provide the kinds of support
and structure some students need but which are not available in the
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traditional classroom. Ideally, such programs would be able to identify
early in a semester those students likely to experience academic
difficulty. However, it is usually difficult if not impossible to predict
which students will encounter difficulty in any one course or any one
curricular area. The use of aptitude measures is not always the most
effective approach and as we have seen, such measures may be related
to personality type. The MBTI instrument may be useful in identifying
students who are likely to experience difficulty or special challenges in
a given academic area and in facilitating a good educational fit between
the learner and the instructor.

Correlations with First-Term GPA

It is not uncommon to find MBTT researchers ranking the GPA of the
sixteen types from high to low in order to understand the relationship
between type and academic performance. At other times, researcher
may compare the grades of Intuitive types to those of Sensing types,
Extraverts to Introverts and so on. As indicated earlier, it may be
appropriate to investigate the strength of preference to see whether or
not the preference on any MBTI dimension leads to better grades.
Table 3.9 illustrates this relationship of strength of preference to
first-term GPA at Saint Louis University.

First we see in section 1 of Table 3.9 that there is a relationship
between strength of preference on three of the four MBTI dimensions
and academic achievement in the first semester. The greater the
preference for Intuition, the greater the preference for Introversion,
and the greater the preference for Judging, the better the GPA. There is
a slight, though statistically insignificant, relationship between
Thinking-Feeling and academic achievement in the first term.

Institutional researchers usually investigate the relationship
between grades and entrance exams in order to verify that the use of
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Four Myers-Briggs® Indices and First-Term GPA

Academic Achievement

r I. Results of a Stepwise Multiple Regression—without aptitude SAT l

Variable _ B R? F J
r Extraversion-Introversion 24 .05 16.71%* ‘

Judgment—Perception -.13 .06 4.47% |
! Sensing-Intuition A3 .08 4.15% ’
i Thinking-Feeling 10 08 3.00

/ I1. Resuits of a Stepwise Multiple Regression—with aptitude SAT

( Variable B R? F ‘
Aptitude Score (SAT) 43 .18 67.35%* (

} Extraversion—Introversion .20 22 13.85%
Judgment-Perception -.14 23 6.68% (

] Sensing-Intuition 13 24 573
Thinking-Feeling .00 24 .00 ‘

Note: *denotes p < .05 ** denotes p < .0l ,

Table 3.9

aptitude measures to screen students in the admissions process and to
place students in appropriate course sections is a worthwhile and
effective endeavor. ACT/SAT measures have been found to be some-
what predictive of first-semester academic achievement. But what
would happen if we rolled all of this information together? Table 3.9,
section II illustrates that inquiry as part of the TRAILS project.

First we see that ACT/SAT scores are the best predictors of
academic performance. We also see that the impact of the
Sensing~Intuition preference on grades is lessened once we consider
ACT/SAT scores in addition to MBTT preference scores in predicting
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GPA. As indicated in Table 3.7 (page 104), the preference for Intuition
1s positively related to ACT/SAT scores. Therefore, once we have rolled
these scores together with type scores in the equation for predicting
GPA, much of the impact of Intuition is already accounted for in the
entrance exam measure. Since it seems that these measures and the
MBTI dimension of Sensing—Intuition may in part be measuring the
same thing (given the positive correlation), the impact on grades of
this one MBTTI preference is diminished once we consider ACT/SAT
scores.

Such is not the case in the TRAILS findings with the other type
dimensions. First of all, Table 3.7 (page 104) showed no relationship
between the Judging—Perceiving dimension and ACT/SAT scores.
However, in Table 3.9 we see that even after considering these scores,
the greater the preference for Judging, the better the first-term GPA.
Therefore, even when considering ACT/SAT, the Judging—Perceiving
preference adds more insight regarding first-tern academic achieve-
ment. Also, we found in Table 3.7 (page 104) no relationship between
the Thinking—Feeling dimension and the ACT/SAT score, while in
Table 3.9 we see that the stronger the preference for Feeling, the higher
the grades. Hence, even after considering entrance exam scores, the
stronger the preference for Feeling the better the first-term grades at
Saint Louis University. Finally, though there was no significant
relationship between Extraversion and Introversion and ACT/SAT
scores, the preference for Introversion is related to higher first-term
grades even after considering entrance exam scores in the regression.

In summary, the preliminary evidence from the TRAILS studies
suggest that MBTI preferences are related to first-term academic
achievement. Preferences for Intuition may be predictive of academic
performance in ways similar to the predictive nature of ACT/SAT
scores. The data suggest that the stronger the preference for Feeling
judgment, the better the first-term grade (though ACT/SAT scores do
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not correlate significantly with preferences for Thinking—Feeling). We
also find that though entrance exams may favor neither the Judging
nor the Perceiving preference, the Judging attitude seems advanta-
geous for academic achievement. Therefore, in predicting first-term
academic performance, the Judging—Perceiving dimension adds a great
deal to an entrance exam.

None of this is particularly surprising. The Judging—Perceiving
dimension tells us much about students’ work habits which surely are
manifested in academic performance. Many academic expectations
and requirements favor the Judging bias towards closure, structure,
and order. In addition, many academic measures are structured
similarly to the ACT and the SAT, requiring the quick grasp of patterns
and relationships of symbols—which is the gift of Introversion and
Intuition. This may explain in part why the ACT and SAT have been
moderately useful through the years in predicting students’ first-term
academic performance, since performance is so often measured in
such a way that it taps into those same Intuitive gifts.

It must be emphasized that these findings are for aggregate data.
Such group trends cannot and should not be used to predict any
individual student’s performance on aptitude tests or in academic
achievement. Other chapters in this volume discuss the appropriate
use of MBTI scores in counseling or advising students; the same
concerns are present in using the results of studies such as these in
predicting individual behavior or performance. These group data best
serve to enlighten educators about the environmental challenges
students face at an institution or in a specific curriculum.

The Relationship of Type to Advanced Academic Performance

The TRAILS data presented in the last section reflect the grades
achieved by students in the first semester of a liberal arts curriculum.
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Students are engaged in philosophy and theology, history, English, and
mathematics courses, all of which may indeed favor the Intuitive and
Introverted preferences. Once students engage more directly in studies
related to their chosen major, other preferences may be more
advantageous. For example, a student with a strong preference for
Intuition may find the challenges of pursuing an accounting major
uncomfortable while a student preferring Sensing may excel, contrary
to what would be predicted by ACT/SAT measures alone or by their
first-term performance in the core liberal arts curriculum. The nursing
curriculum, especially in clinical studies, may favor the Extraverted
Sensing students whose natural gifts may give them an advantage in
the specifics of patient care.

Table 3.10 presents preliminary TRAILS findings on the relation-
ship of the MBTI instrument to academic achievement in the sixth
semester for students in four colleges: business, arts and sciences,
nursing, and allied health. Using the fall semester GPA for juniors and
seniors as the dependent variable and the four “learning style” groups
as independent variables, one-way analyses of variance for each school
show no significant differences by learning style.

It is important to look back to Tables 3.7 (page 104) and 3.9
(page 110) and compare these findings with those for first-semester
performance. While first-semester performance apparently strongly
favors Introversion and Intuition, more advanced study in any of the
schools does not demonstrate significant differences between the
learning styles defined by these two MBTI dimensions. The implica-
tions of these preliminary TRAILS analyses are that personality
dimensions which are strongly related to entrance exam scores and to
first-semester performance may in no way be related to academic
achievement in the upper-class curricula.

In summary, the longitudinal, multivariate approach required
by the Tinto model is the approach that is maximally useful for
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Results on Four One-Way Analysis of Variance for

Each College: Mean Upperclass GPA by Learning Style

Learning Arts/Sciences Business Nursing Allied Health
Styles n mean n mean n mean n mean
IN 64 3.32 15 291 5 320 17 331
|
EN 82 3.26 42 293 23 337 30 364
IS 68 3.17 35 3.5 12 351 12 3.5l
ES 75 3.22 42 3.04 25 326 37 348
TOTAL 289 3.24 134 3.02 65 3.34 96 350
F ratio .53 1.03 6l 1.29
F probability .66 .38 61 .28
(= —— S—— — |
Table 3.10

understanding how some preferences may place certain learners at an
advantage or disadvantage in certain academic pursuits. As we have
seen, type concepts richly embellish the Tinto model and tell us more
than we could glean from ACT/SAT measures alone about the
academic performance students. Type data also help us understand the
differing challenges in the first semester and subsequent semesters.
However, though such group data enlighten educators about general
trends in students’ performance within a given curriculum, educators
cannot take such aggregate findings and apply them to each and every
individual student experience. To do so violates the ethical principles
of educational research in general and type theory in particular.
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Type and Attrition

Comparing persisting populations to those who drop out, while also
considering the aptitude and achievement findings discussed
previously, is the final objective of this approach to retention research.
This chapter has hopefully made the point that any worthwhile
investigation of attrition must be longitudinal (following some
distinct cohort of students over time through their enrollment
experience) and must focus on carefully selected variables pertaining
to the interaction of certain learners with certain social and academic
environments. The TRAILS project illustrates one step toward this
kind of retention research model.

For example, Tables 3.11, 3.12, and 3.13 compare the dropout
population with persisting populations in the nursing, arts and
sciences, and business programs, respectively. One can see some
patterns that may fit well with some common preconceptions about
the interaction of types of learners with these academic programs.

The nursing dropout table (Table 3.11) suggests a relationship
between the Thinking—Feeling dimension and attrition. While
students with a preference for Thinking comprise about 26 percent of
the Nursing student group as a whole, they comprise 40 percent of the
nursing dropouts. The TJ group is more than twice as likely to drop
out as one would expect from the overall type distribution. On the
whole, it is the Thinking—Feeling dimension that accounts for most of
the dropout phenomenon in nursing, with Thinking types being most
at risk.

Of course, not all attrition is problematic or symptomatic of
institutional problems. For example, there are multiple explanations
for why Thinking types may leave a nursing program at a higher rate
than Feeling types. An argument could be made that students with
strong preferences for Thinking may not find adequate rewards or
support in a nursing career and that it is in their best interest to
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Dropout Ratios of Nursing Students

N=30
THINKING SENSING FEELING FEELING INTUITIONTHINKING N % |
ISTJ ISFJ INFJ INTJ E 23 76.67 1.06
[ 7 2333 085
- _ - - . |s 20 66.67 1.14
N 2 N ! N 0 N ! S N 10 33.33 0.80
%= 6.67 %= 333 %= 0.0 %= 333 g T 12 40.00 1.64
- _ _ - 5 |F 18 60.00 0.79
I = 156 = 050 = 0.00 I= 547 1217 15 s 143
umsman usm uen =|P 13 4333 0.87
zZ
1y 4 1333 087
mlip 3 10.00 0.82
ISTP ISFP INFP INTP 2lep 10 23333 0.88
2 |E4 13 4333 125
— — — - o
N= ! N= ! N= 1 N= ° |3 |sT 9 30.00 159
%= 333 %= 333 %= 3.33 %= 000 |3 |sF 11 36.87 0.93
o
- = = = 3 |NF 7 2333 065
= 182 = 055 1= 091 = 0.00 3 |t 3 1000 189
[ [ 1] L] 1] [ 11 ]
sJ 14 4667 134
SP 6 20.00 0.84
- NP 7 2333 0.89
ESTP ESFP ENFP ENTP NJ 3 1000 066
_ _ _ _ - [TJ 10 33.33 195
N= 0 = 4 = 5 e - 2 667 091
%= 0.00 %= 333 [Q |FP 11 3667 0.86
T
= 000 = |3 FJ 7 2333 0.71
- Zalin 2 667 078
g EN 8 2667 0381
2 IS 5 1667 0.88
ES 15 50.00 1.26
ESTJ ESFJ ENFJ ENTJ P
g|ET 8 2667 156
_ _ _ - T |EF 15 50.00 0.90
N= 6 N= 5 N= 1 N= T e |iE 3 1000 050
%= 2000 %= 16.67 %= 3.33 %= 333 |2 |IT 4 1333 182
— — _ - m
1= 193 = 124 = 036 1= 182 2 g0 7 2333 087
HHHHH H i b - Ndom 7 2333 0.89
Tdom 8 2667 182
Fdom 8 2667 0.83
Notes: m = One Percent; Base Population = All Nursing undergraduates; N = 164. l:sel( selection index
~=p>.01
**=p>.001

Table 3.11
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Dropout Ratios of Business School Students

N=75
rinkiNG SN eeping reeune O T N rivking N % |
ISTJ ISFJ INFJ INTJ E 43 5733 094
| 32 4267 1.09
N= g N = 3 - 2 - s 41 5467 095
N N Yolg N 34 4533 108
%= 4.00 %= 267 %= 133 |2 |T 30 40.00 0.93
I = 053 = 1.10 1= os2 [T (F 45 60.00 1.06
204 34 4533 095
EEEE un " S|P 41 5467 105
Z
é 1 15 2000 095
- P 17 2267 125
ISTP ISFP INFP INTP 2 lep 24 3200 094
2|EJ 19 2533 095
= = = = ]
N= 4 N 7 N 5 N TR (st 20 2667 092
%= 533 %= 933 %= 6.67 %= 133 |2 |sF 21 2800 097
o
= 104 — _— I 3 INF 24 3200 1.15
! 182 b= 107 = 082 S INT 10 1333 093
LLIT]] EENEEEEEN EEEEEE -
sJ 24 32.00 088
sP 17 2267 1.05
NP 24 3200 1.05
ESTP ESFP ENFP ENTP NJ 10 1333 115
_ _ _ o |TJ 18 24.00 1.00
N= 2 N= 4 N=S m iy 12 1600 083
%= 267 %= 533 %= 667 |& |FP 29 3867 1.17
- o
I = 058 = 079 1= o8 |2 | 16 2133 0.0
T FTTTL [T TTT]] Zm IN 9 1200 1.01
3 EN 25 3333 1.10
z|1s 23 3067 1.12
& |ES 18 2400 079
ESTJ ESFJ ENFJ ENTJ P
S|ET 15 20.00 0.79
~ _ _ _ EF 28 37.33 1.05
N= o S N= 7 N=oo 4 N= 3 le 1yp 17 2267 1086
%= 667 %= 933 %= 533 %= 400 |© [T 15 2000 1.12
— - — — m
| = 069 = 099 l= 123 I= 123 12 | qion 18 2400 085
EEENEE EEEEEEEEE EaEEn [TT1] Ndom 21 2800 1.05
Tdom 13 17.33 0.88
Fdom 23 3067 122
Notes: m = One Percent; Base Population = All Business undergraduates; N = 370, 1 :;i" ?)%Iedion index
""’=p>:01
s ™ =p>.001

Table 3.12
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Dropout Ratios of Arts and Science Students

N =225
THINKING SENSING FEELING FEEUNG ‘NTU'T'ONTHINKING N % |
ISTJ ISFJ INFJ INTJ E 117 5200 090
I 108 48.00 1.14
_ _ _ _ S 97 43.11 0.88
N= 2t N= 8 N= T3 N= 8 e IN 128 56589 111
%= 9.33 %= 356 %= 578 %= 3.56 2 T 92 40.89 095
- - . . - g [F 133 59.11 1.04
| 1.16 | 0.59 § 2.17 | 0.85 z |y 108 4800 098
ssEEgEEEE [Tt} [T 11 s|P 117 52.00 1.02
|
2 IJ 50 2222 1.06
- mf P 58 2578 122
ISTP ISFP INFP INTP 3lep 59 2622 087
Sley 58 2578 0.92
— — — — h
N= 6 = 9 =¥ N= 16 o st 45 2000 085
%= 267 %= 4.00 %= 12.00 %= 711 % SF 52 2311 091
NF 81 36.00 1.14
I = 070 = 114 = 133 | = 150 =
g NT 47 20.89 1.06
- mumm s
SJ 62 27.56 0.90
SP 35 1556 0.86
NP 82 3644 1.10
ESTP ESFP ENFP ENTP NJ 46 2044 113
_ B _ _ - |7y 51 2267 0.92
= 5 N= 14 N= 26 N= B @ [tp 41 1822 0098
%= 267 %= 6.22 %= 11.56 %= 578 2 |FP 76 3378 1.04
)
I= 061 I= 098 1= 084 1= 103 |3 [P 57 2833 104
[ L] EERNEN SesEEEENEx mEEER Zm IN 64 2844 138
3[en 64 2844 0.93
)<> 1S 44 1956 0.92
m | ES 53 2356 0.86
ESTJ ESFJ ENFJ ENTJ 2
QIET 41 1822 082
EF 76 33.78 0.95
N= 12 = 21 N= 15 N = 10 g = 57 2533 1.20
%= 533 %= 933 %= 667 %= 444 2 IT 51 2267 1.09
= = = = i
1= 074 I = 098 | 1.08 | 0.87 E. Sdom 49 2178 088
[TTTT] EENESENER EREEEE [ TT1] Ndom 60 26.67 1.02
Tdom 44 1956 094
L \Eom 72 3200 1.13
Notes: m = One Percent; Base Population = All Arts and Sciences undergraduates; N = 1053. ,',:stel' ‘.(s)(-%ledion index
= =p>.01
e =p > 001

Table 3.13
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consider other professional pursuits. In that case, their attrition may be
educationally appropriate, and working to reduce that attrition may be
inappropriate. Type data can offer an effective mechanism for under-
standing general trends in attrition and for working with students in
making appropriate choices about their educational commitments.
Another example may illustrate the usefulness of such retention
data. Analysis of the TRAILS data suggest IF types are at risk in the
business program. On the one hand, it may be that their pursuit of
other options is an appropriate response to their awareness of the
kinds of rewards and challenges of, for example, an accounting major
and/or career. On the other hand, perhaps their attrition is a reflection
of the type of social climate characteristic of the business school at a
predominantly commuter campus, where there are few opportunities
for personal interaction or affiliation with either faculty or other
students. Either way, there are a host of interventions to consider in
responding to the students’ needs. Relating type data to attrition allows
educators to begin to consider the dynamic interactions of types of
students with types of academic and social environments, and thereby
begin to respond appropriately to enrollment management tasks.

Retention Action Strategies

The Tinto model implies that improving retention is not a goal in itself
but rather the outcome of an institution’s efforts to increase students’
academic and social integration. Any action plan that results from an
institution’s retention research should attempt to maximize the quality
of the student’s experience at every point of contact between the
student and the institution. This, of course, is easier said than done.
Difficult choices must be made about how to make good use of limited
resources in such efforts.

Information is the fundamental ingredient in mobilizing any
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successful enrollment management strategy. In retention programs,
information without action is empty and action without information
is blind. Information management becomes the necessary prelude to
any retention program, as well as a necessary ingredient for appropri-
ate assessment and evaluation of enrollment management strategies.
This is the value of the TRAILS project, which illustrates one process
for building that information infrastructure.

Describing actual retention action strategies using the MBTI
instrument, however, is not an objective of this chapter. Using the
MBTI tool to improve an institution’s responsiveness to students and
its sensitivity to the individual characteristics of students is certainly
one means of improving students’ academic and social integration
within the various environments they encounter at the college or
university. A wide variety of avenues exists for using the MBTI
assessment tool for such ends: academic advising and educational
planning, career development, environmental management in
residence halls, faculty and staff development, and student involve-
ment opportunities. The use of the MBTI instrument in these areas is
addressed in other chapters. This chapter has proposed that:

1. investing resources in information systems such as that
illustrated by the TRAILS project is necessary for effective
broad-based campus change using the MBTT instrument;

2. an information system with the MBTT instrument as the hub
facilitates more effective use of the MBTI tool in the various
ways discussed in the other chapters;

3. the MBTI instrument can be one important component in a
campus retention strategy, and fits well with the premises of the
Tinto model; and
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4. to begin to make effective use of the MBTI instrument
in campus retention efforts, ongoing research should be
conducted to continuously monitor the academic and social

integration students may experience in certain environments.
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